
SwiftInference for AI Companies: Scaling High-
Performance Inference On-Premises 
Overview for AI Service Providers 
AI product companies – from startups building the next chatbot, to enterprises running 
large-scale vision or language models – face a dilemma: how to deploy their AI models with 
high performance, reasonable cost, and reliable control. SwiftInference is an edge 
inference platform tailored for AI companies that need to serve complex models to users 
globally, without relying solely on big cloud providers. It provides a “miniature inference 
cloud” that you can deploy on-premises or at edge colocation sites, powered by state-of-
the-art hardware (NVIDIA Grace-Blackwell GB10 Superchip or the equivalent BES-1 
accelerator). In practical terms, a SwiftInference node is a small server (about the size of a 
Mac Mini) that delivers nearly 1 petaFLOP of AI compute (at 4-bit precision) and packs 
128 GB of unified memory – enough to load models up to 200B parameters entirely in 
memory. Crucially, the platform supports advanced features that AI companies demand: 
a slot-based model loading system (allowing multiple models or instances to reside 
concurrently and be hot-swapped with minimal latency), extensive quantization support 
(run models in INT8, FP8, or 4-bit without additional conversion headaches), and an 
enterprise-grade runtime built on NVIDIA’s DGX software stack for stability. In short, 
SwiftInference gives you your own “edge AI appliance” – or a fleet of them – to deploy your 
AI services with data center performance at distributed locations. This means you can 
bring inference closer to your users (for latency and data locality), or simply keep it within 
your organization’s control (for cost and privacy), all while maintaining the throughput and 
reliability your AI workloads require. 

 



ROI: Cost Savings and Payback vs. Cloud 
For AI companies, the economics of inference deployment are as critical as model 
accuracy. Cloud GPU services can quickly rack up costs: teams performing continuous 
inference or experimentation might spend $500–$2,000 per month on cloud instances per 
project. SwiftInference offers a path to drastically reduce these ongoing costs. A single 
SwiftInference unit (with GB10 Superchip) was introduced at roughly $3,999 in late 2025[2] 
– a one-time capital expense that can replace or augment many months of cloud GPU 
rental. The payback period can be very short: if you’re currently spending $1,000/month 
on cloud inference, a SwiftInference device would pay for itself in about 4 months, after 
which your “compute” is essentially free minus power and maintenance. Even for higher 
initial costs or multiple units, many AI startups find on-prem hardware becomes cheaper 
than cloud at scale; one DGX Spark class device running 24/7 can perform inferencing at a 
fraction of the cloud cost per query, especially when fully utilized. SwiftInference is 
designed for high utilization – through its slot model scheduling, you can serve multiple 
models or clients on the same hardware, squeezing maximum value out of each FLOP 
invested. This high utilization contrasts with cloud, where you often pay for GPU time even 
during idle periods or for each separate instance per model. 

Beyond direct cost-per-inference savings, consider the ancillary ROI: no egress fees or 
data transfer costs (since your data stays on-prem or on a local network), no vendor lock-
in (you’re not beholden to cloud availability or price hikes), and the ability to amortize 
hardware over multiple projects. SwiftInference’s hardware is versatile enough to handle 
various model types (NLP, vision, audio) and even some fine-tuning tasks, extending its 
value. Moreover, for companies dealing with proprietary or sensitive data, having an in-
house inference solution avoids the compliance and security costs associated with 
sending data to external clouds. Some industries (finance, healthcare, defense) might not 
be able to use public cloud for certain AI tasks at all – for them, SwiftInference unlocks use 
cases that were off-limits, turning compliance into an opportunity rather than a 
roadblock. In such cases, the ROI is measured not just in cost, but in being able to enter 
new markets or offer AI services that competitors cannot, due to data residency 
advantages. 

From a capital standpoint, SwiftInference units are relatively inexpensive compared to 
traditional enterprise servers or multi-GPU rigs (which often cost tens of thousands of 
dollars). A single unit’s performance roughly equals a multi-GPU workstation that might 
cost 3–4× more[5][1]. For example, instead of a $15k multi-GPU server, an AI company can 
deploy a $4k SwiftInference box at each office or customer site. Even if the exact price 
varies, the trend is clear: edge hardware is now affordable, and its cost can be recovered 
through saved cloud bills and improved service metrics (latency, uptime) that attract more 
users. In summary, SwiftInference provides a compelling ROI by slashing inference OPEX, 
enabling new business (through data control and low latency), and paying for itself rapidly. 
Companies that pilot it often find they can reinvest cloud savings into further R&D, creating 
a virtuous cycle of innovation at lower cost. 
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Performance, Stability, and Efficiency 
SwiftInference is built to deliver top-tier inference performance with enterprise reliability. 
At its core is NVIDIA’s latest architecture, so you inherit world-class throughput: up to 1 
PFLOP of tensor compute at 4-bit precision (with sparsity), and substantial FP16/FP32 
capabilities for models that need higher precision. In real terms, a single unit can process 
on the order of thousands of tokens per second for medium-sized language models, or 
handle dozens of high-resolution images per second through a CNN – performance that 
was previously only obtainable with rack-mounted GPU servers. The platform’s 5th-gen 
Tensor Cores natively support 8-bit and 4-bit quantization operations, meaning you can 
deploy quantized models (e.g. INT8, FP8, or even NVIDIA’s new FP4 format) to drastically 
speed up inference without losing accuracy. This quantization support is baked into the 
hardware and software (TensorRT, etc.), so AI companies can easily take advantage of it – 
whether you’re using Hugging Face, ONNX, or custom frameworks, models can be 
converted and optimized for SwiftInference’s engines, often yielding 2-4× throughput 
improvements and smaller memory footprint. 

When it comes to tail latency and stability, SwiftInference shines by virtue of being a 
dedicated appliance for AI. Unlike cloud environments where you contend with noisy 
neighbors and unpredictable network latency, here you have a controlled runtime. The 
runtime stability is ensured by the NVIDIA DGX OS and CUDA stack, which are proven in 
enterprise deployments. You can run intensive loads 24/7 – the system is designed for it – 
without throttling or crashing. Additionally, because CPU and GPU share unified memory 
on GB10, there’s no costly data copying; this coherence reduces random delays and 
contributes to consistent inference times. The result is low jitter and tight latency 
distributions. For instance, in internal tests, even the P99 latency of local SwiftInference 
deployments remained well below that of cloud setups, due to elimination of network 
variance. 

SwiftInference also offers features for streaming inference and concurrency that ensure 
responsiveness. Models that support token streaming or incremental outputs are fully 
supported – the platform can start returning partial results immediately, which is crucial 
for good user experience in chatbots or live analytics. Under the hood, SwiftInference can 
utilize techniques like dynamic batching (grouping multiple small inference requests 
together) when throughput is needed, or prioritization when low latency for specific 
requests is paramount. AI companies can configure these policies to match their service 
needs (for example, ensure interactive requests have higher priority over batch jobs, 
effectively implementing tail latency protection by never letting interactive requests wait 
behind large batch tasks). 

Another dimension is performance-per-watt. Many AI companies care about efficiency, 
either to reduce their carbon footprint or simply to save on electricity in on-prem data 
centers. SwiftInference’s design is highly power-efficient: the Grace-Blackwell GB10-
based system draws roughly 210 W at full tilt while delivering its petaflop-class 
performance[1]. For comparison, achieving similar performance with older architectures 
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might require 3 or 4 GPUs that together consume 800–1000 W[1]. Indeed, a recent analysis 
showed that a DIY setup with 3× RTX 3090 GPUs delivered ~3× the throughput of a single 
DGX Spark, but at 5× the power consumption (1050 W vs 210 W)[1] – making the smaller 
device far superior in performance/watt. This efficiency not only saves power costs but 
also eases cooling and deployment (no specialized power circuits needed). It also means 
you can potentially deploy SwiftInference in edge locations with limited power (like small 
server closets or remote sites) where a hulking multi-GPU server would be impractical. 

In summary, SwiftInference gives AI companies data center-grade performance in a self-
contained node, with the stability of an appliance (not a DIY rig) and impressive 
efficiency. You get consistent, predictable performance (which your SREs will appreciate), 
and the ability to push that performance closer to users or keep it in-house. The system is 
essentially “hands-off” once running – it doesn’t require constant tinkering. This reliability 
lets your team focus on model improvements and product features, rather than worrying 
about inference infrastructure. 

Use Cases and Applications 
SwiftInference is versatile and can accelerate a range of AI use cases that AI companies 
typically handle. Here’s how it empowers several key application domains: 

• Generative AI and LLM APIs: If your company offers an OpenAI-style service – e.g. a 
large language model for chatbots, code generation, or content creation – 
SwiftInference can be the serving backbone. Large Language Models (LLMs) often 
have huge memory requirements and benefit from fast interconnects. 
SwiftInference’s 128 GB unified memory can accommodate models up to 170B–
200B parameters in optimized formats, enabling you to serve one copy of a truly 
large model locally. Furthermore, features like the slot model allow you to keep 
multiple model versions loaded (for instance, a 2B-param smaller model for quick 
replies and a 70B model for detailed answers) and route queries intelligently 
between them. The extremely low time-to-first-token achieved by local inference 
(thanks to no network overhead) means your users get responses quickly, improving 
their experience. This is especially pertinent for streaming outputs – customers will 
start seeing the AI’s answer in under 0.1s, even for complex prompts, which feels 
instantaneous. Additionally, by deploying SwiftInference nodes in different regions 
or on-prem for clients, AI companies can meet data locality requirements – e.g. a 
European client’s data never leaves Europe because it’s processed on a 
SwiftInference box in Frankfurt – while still providing the full power of your LLM. This 
can open up business in regulated markets that demand on-prem or local 
processing of AI. 

• Real-Time Speech and Language Services: Many AI firms provide speech 
recognition, text-to-speech, or translation services (think voice assistants, call 
analytics, etc.). These are highly latency-sensitive – users expect voice AI to 
respond in under a second, ideally a few hundred milliseconds. SwiftInference 
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allows you to run state-of-the-art ASR (Automatic Speech Recognition) models or 
speech synthesis at the edge of the network or within enterprise premises. By 
using quantized models, you can achieve very high throughput – processing audio 
streams from many concurrent users on one device – while meeting real-time 
requirements. For example, an AI startup offering a multi-lingual live transcription 
service could deploy a SwiftInference at each customer’s call center or local 
telecom exchange. The audio from calls is processed locally, yielding transcriptions 
or translations with minimal delay, and without audio data leaving the site (which 
can be a compliance requirement in industries like healthcare support or financial 
customer service). The performance per watt advantage also means that even if 
you deploy in a customer’s office, the power/cooling impact is minimal. This use 
case highlights the rollout footprint benefit: you can distribute these units widely 
(dozens or hundreds of locations) because each is small and self-contained, 
enabling scalable, geo-distributed speech AI that cloud-only competitors might 
struggle with. 

• Computer Vision and Edge Analytics: If your company deals with computer vision 
– whether it’s an AI security monitoring platform, a retail analytics solution, or an AR 
content generation tool – SwiftInference provides the GPU acceleration needed 
close to cameras and users. For example, an AI firm that offers smart retail store 
analytics (tracking footfalls, dwell time, inventory on shelves via cameras) can 
install a SwiftInference appliance in each store or edge data center. The tail latency 
protection means even if multiple HD camera feeds are being analyzed with heavy 
CNNs, the system maintains consistent frame processing rates without stalling. 
The slot model could be used here to run multiple vision models simultaneously 
(e.g. one model for people counting, another for product recognition). Compared to 
relying on a central cloud (which would introduce 100ms+ delay and huge 
bandwidth usage streaming video), the edge inference runs in a few milliseconds 
per frame, enabling real-time alerts (e.g. “spill detected in aisle 3” signals staff 
immediately). Another scenario is an AI-driven autonomous drone platform – the 
drones stream video to a nearby base station equipped with SwiftInference, which 
performs object detection or mapping, and sends back navigation commands on 
the fly. The low latency and high compute ensure the drones can respond to 
changes almost instantly. AI companies can leverage SwiftInference to deliver such 
CV solutions to customers as on-prem packages, which can be appealing for 
customers concerned about privacy (video not uploaded to cloud) and reliability 
(works even if internet is down). It effectively gives AI companies a way to 
productize edge AI – delivering hardware+software bundles that are optimized for 
inference. 

• Multi-Modal and Specialized AI Workloads: Many modern AI services involve 
multiple modalities or complex pipelines – for example, a video conferencing 
enhancement tool might do face recognition, background blur, and live 
transcription all at once. SwiftInference’s powerful hardware can handle these 



multi-modal workloads concurrently. AI companies can deploy one box to run a 
pipeline: first a vision model, then an audio model, etc., possibly using the 
ConnectX networking to chain multiple units if one isn’t enough (two units can be 
linked via 200 Gbps interconnect to act as one, supporting models up to 400B 
parameters or distributed workloads). This modular scalability is great for rollout: 
you can start with one device per location and add a second if demand grows, with 
near-linear scaling for parallel tasks. Also, if your use case is edge-case specialized 
(say, AI for industrial automation or medical imaging that must run on-site), 
SwiftInference ensures you have a stable, high-performance environment. It 
supports all major AI frameworks (PyTorch, TensorFlow, JAX) and libraries due to the 
NVIDIA stack, so your team doesn’t have to rewrite code – your models will run with 
minimal changes, just faster and closer to where they’re needed. 

Competitive Landscape: How SwiftInference Stacks Up 
AI companies have a few options for deploying inference: using public cloud services, 
building custom on-premise rigs, or even exploring other edge hardware. Here’s how 
SwiftInference compares: 

• Versus Cloud GPUs (AWS, GCP, etc.): Cloud is convenient and scalable, but for 
steady-state inference workloads it can be expensive and introduce latency. A key 
pain point is that cloud introduces a dependency on network connectivity and 
another company’s infrastructure. If your service is latency-critical, even the best 
cloud region might be 50–100 ms away from some users (or much more 
internationally), harming user experience. SwiftInference lets you deploy inference 
nodes closer to users – either in your own small data centers in various cities or at 
client sites – eliminating the long-distance lag. Also, cloud providers charge a 
premium for GPU instances, effectively renting hardware at high margins. By buying 
your own hardware (SwiftInference nodes) you avoid those premiums; over the 
hardware’s life (say 3 years), the total cost often comes out much lower than 
continually paying cloud bills for equivalent GPU hours. Importantly, SwiftInference 
uses NVIDIA’s architecture, so software compatibility with your cloud workflows is 
maintained (you can prototype in cloud and then move to SwiftInference for 
deployment easily, since it’s the same CUDA libraries and frameworks). In contrast, 
some cloud-specific inferencing solutions (like proprietary TPU services) might lock 
you in or require model re-tooling. SwiftInference offers freedom: you control the 
hardware, you can scale out by simply adding more boxes, and you’re not at the 
mercy of multi-tenant performance variability. The bottom line: compared to cloud, 
SwiftInference offers better latency, potentially 50–70% cost reduction at scale, 
and full ownership of the critical inference layer of your stack. 

• Versus DIY On-Prem Servers or Alternative Hardware: One might consider 
building a custom inference server (e.g. a PC with multiple GPUs or using 
alternatives like AMD’s Strix Halo or even Apple’s M-series for on-prem). DIY builds 
can indeed achieve high performance, but SwiftInference is a more elegant and 



often more efficient solution. For example, AMD’s new Ryzen AI “Strix Halo” 
platform has similar unified memory (128GB) and comes at a somewhat lower price 
than DGX Spark, but lacks hardware-accelerated 4-bit precision and the CUDA 
software ecosystem that NVIDIA provides[6]. In tests, Strix Halo approached 85–
90% of DGX Spark’s performance on some tasks, but it cannot match the 
performance on fully optimized FP4/FP8 models where NVIDIA’s tensor cores 
excel[7][8]. Apple’s M3 Ultra (in a Mac Studio) offers very high memory bandwidth 
and decent AI performance, but at a higher price (~$5k) and with no support for 
CUDA or popular AI frameworks out-of-the-box[9]. Many AI companies find it 
non-trivial to deploy PyTorch or JAX models on Metal/NNA compared to the ease of 
using Nvidia’s stack. Additionally, the Mac Studio showed strong token generation 
speeds for LLMs due to bandwidth, but it still falls short in some scenarios and isn’t 
easily clusterable[9]. 

Building your own multi-GPU rig is another alternative – one could put together a system 
with, say, 3 or 4 consumer GPUs. As the AIMultiple research highlighted, a 3× RTX 3090 
setup can outperform a single SwiftInference box in raw throughput for certain tasks, but it 
comes with significant drawbacks: power usage ~5× higher, a much larger physical 
footprint, and a lack of an “out-of-box” software environment[10][1]. It might also require 
complex cooling and careful maintenance. SwiftInference, on the other hand, is turnkey – 
it's as close to an appliance as it gets, and it’s been engineered for balance (no bottlenecks 
other than memory bandwidth). It’s also supported by vendors (warranties, etc.), whereas 
a DIY system is your responsibility entirely. For AI companies that value their engineers’ 
time, using a pre-built, well-tested platform like SwiftInference can save countless hours 
that would otherwise be spent on system integration and troubleshooting. 

In summary, SwiftInference holds its own or wins out on most fronts: cloud can’t beat it on 
latency or long-term cost, alternatives like Strix Halo can’t beat the full stack 
optimization and FP4 performance, and DIY solutions can rarely match its combination of 
performance, efficiency, and ease. It provides a sweet spot where you get enterprise-level 
support and reliability while still owning your infrastructure. 

Rollout Footprint and Scalability 
A crucial aspect for AI companies is how a solution scales and fits into deployment 
pipelines. SwiftInference’s small footprint and light management overhead mean you can 
deploy many units in a distributed fashion. This lends itself to a “points of presence” 
strategy: for instance, an AI SaaS company could place SwiftInference boxes in co-location 
facilities in 10 major metro areas, creating a global low-latency network for serving their 
model. Because each unit only requires standard power and a network uplink, the 
infrastructure demands are minimal – no massive racks or special cooling. This could even 
be done via partnerships (e.g., deploying units at telecom edge data centers or with CDN 
providers). In effect, you can build your own edge network relatively quickly, at low cost, 
improving service to customers everywhere. 
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From a DevOps perspective, SwiftInference units can be managed with modern MLOps 
tools. They support containerization, so you can use Kubernetes or Docker Swarm to 
manage deployments of models and updates across your fleet. Many AI companies 
incorporate continuous model improvement; with SwiftInference, you can roll out a new 
model version as a container update to all edge nodes in a controlled way (canary one 
region, then global). This is similar to how you’d do it in cloud, but now you have the benefit 
of hardware locality. 

Finally, if demand grows beyond what a single unit can handle in one location, scaling is 
straightforward: add another SwiftInference node. They can work in parallel behind a smart 
load balancer or even in tandem if the model requires more memory than one unit (two 
units connected via high-speed NIC can act as one larger inference server, handling 2× the 
model size or load). This modular scaling means you invest in increments – you don’t have 
to buy a whole rack at once, just add small units as needed, which aligns well with startup 
growth or fluctuating demand. 

Conclusion: Taking Control of Inference Delivery 
For AI companies, SwiftInference represents a shift from renting performance to owning 
your performance. It enables you to deploy your AI models with confidence and control – 
delivering fast, reliable service to your users without breaking the bank. By leveraging 
SwiftInference’s edge inference platform, you can achieve latency wins that delight 
customers (no more sluggish responses), ensure runtime stability for mission-critical 
applications, and optimize your performance-per-dollar far beyond what cloud alone can 
offer. In an era where user expectations are higher than ever and data sovereignty 
concerns are on the rise, having your own inference infrastructure is a strategic advantage. 
SwiftInference makes that feasible and even easy: it’s a plug-in solution that integrates 
with your existing AI stack and scales with you as you grow. 

Early adopters are already proving the model – companies that once spent fortunes on 
cloud inference have demonstrated that moving to in-house edge deployments cut their 
latencies by half and their costs by a similar margin, all while freeing them from external 
dependencies[1]. By running pilots with SwiftInference, you can identify which of your 
workloads benefit most (often the ones with high throughput or strict latency needs) and 
quickly see results in both technical performance and cost savings. The platform’s multi-
tenant support also means if you are providing AI services to clients (e.g. an API business), 
you can even host multiple client models on one device securely, potentially offering 
dedicated on-prem inference as a premium product. 

In conclusion, SwiftInference empowers AI companies to own the last mile of AI delivery. 
Instead of sending your model’s outputs over long distances or paying per query to 
someone else’s GPU, you can have your model running at the edge, close to users, 
under your governance. This leads to happier customers (thanks to snappier, more 
reliable AI interactions), happier engineers (thanks to a stable, high-performance 
platform), and happier CFOs (thanks to improved ROI and predictable costs). 
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SwiftInference is not just an inference server – it’s a strategic asset for any AI company 
looking to scale sustainably and differentiate through performance. We encourage AI 
teams to trial SwiftInference in their deployment pipeline and experience firsthand the 
advantages of bringing AI closer. Whether it’s for cutting that P99 latency, supporting a new 
real-time feature, or reducing cloud dependency, SwiftInference can be the catalyst that 
sparks the next level of your AI service offerings. 

 


